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Abstract:

Behavioral finance has long questioned conventional finance's
presupposition of rationality. Most of the non-financial aspects, such as
human personality traits and the social environment in which decisions
are formed, have recently emerged. This study investigates the impact
of specific behavioral biases on investment decision-making. A
questionnaire was distributed to a representative sample (n=475) of
stock exchange investors to collect data. In this study, descriptive
statistics, correlation, and regression were used as analysis
methodologies. Individual investors' judgments are influenced by
behavioral biases, according to the findings. The research supported
including social interaction in investment decisions in theory. The
findings demonstrate that investors are becoming more aware of their
emotional effects while also improving their self-control and investing
analysis skills. Further research can be conducted using psychological
bias and other accounting data indicators such as Earnings per Share
(EPS) to examine social interaction behavior in investment decision-
making, as well as investor prejudices.
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I. Introduction

There is plenty of study on examining investors' investing decision-making
behavior (Masud et al., 2019). Academics are interested in how investors make
investment decisions, according to studies; however, many studies have focused solely on
the impact of psychological factors on investment decisions (Xu & Wan, 2015). Humans,
when it comes to investment decisions, operate irrationally. Right, natural, and logical
patterns of behavior are required in order to become effective stock market investors.
Those who follow a traditional decision-making and logical action pattern, with a
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decision that always favors them and profits, are extremely rare, if not non-existent
(Zahera & Bansal, 2018). Other than personal information, investors have public
information that is used by others, which is referred to as "information cascades"
(Bikhchandani et al., 1998). When investors neglect their own data and copy others in
financial markets, a cascade of information occurs (Braas-Garza & Smith, 2016). The
impact of social contact activities on the stock market (Christie & Huang, 1995) and
other financial markets has been studied extensively in industrialized countries (Sharma
& Kumar, 2019). There are various reasons why people engage in behavioural
interactions without knowing whether they are logical or irrational. The way people
interact socially appears to be unrelated to personal decision-making, but it is critical to
the atmosphere and corporate environment (Lin 2011; Bevir & Watson, 2012).

This paper examines the relation of social interaction with investment decision.
Thus important as according to Nalurita (2020), there is little evidence from developing
countries like India and Pakistan on this topic. The majority of current studies in Pakistan
are survey-based and focus on identifying investor behavioural biases that influence
investors at the time of decision-making (Hameed & ljaz, n.d.). However, they are either
ineffective or inconclusive to clarify the effect on the stock market of any particular
behavioural bias. This study is important because it adds to the existing body of
knowledge.

Tversky and Kahneman (1992) identified three heuristics for making judgments
in the presence of uncertainty: representation, availability, and anchoring. Apart from
psychological aspects, there are a number of societal elements that influence investor
behavior. In this study, social interaction was chosen as a social factor to examine its
impact on investor investment. Investment decisions contribute to the stock market's
growth, which in turn boosts the confidence of both domestic and international investors
(Sharma & Kumar, 2019). The discovery of a cluster of fundamental elements is crucial
for individual stock market investors' performance (Muehlfeld et al., 2017). The majority
of individual investors face significant challenges due to the inefficient nature of
Pakistan's trading operations, a lack of education and training in the stock market's
activities and functions, a lack of knowledge of the market's securities and stock trading
activities, and the ability to buy and sell shares exchanged on the market. A large number
of variables based on logical and behavioral elements must be constructed to impact an
individual investor's investment decision-making (Zahera & Bansal, 2018).

As a result of the global financial crisis, investment decisions have become
increasingly important in our daily lives (2007-2008). Understanding the various factors
that influence individual investors' investment decisions is critical. Researchers have
studied the actions of investors and the agents who oversee investments in a variety of
ways. Nonetheless, when it comes to investment decisions, the prevalence of
psychological elements and individual actions is a point of contention. In future research,
Yan et al. (2020) indicated that the role of psychological elements, as well as
demographic characteristics, should be studied to assess their impact on investor
behavior, such as decision-making. In the established literature, studies on topics such as
psychology and financial decision making have yielded inconsistent results (Ricciardi,
2007). On the other hand, little research has been done on the impact of social interaction
on investor decision-making. The current research focuses on the social psychology of
investors as well as their changing personal beliefs throughout time. By exploring the
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interaction between various factors that can influence an investor's overall investment
decision, this research has the potential to be immensely valuable in the field of finance
(Subash, 2012). Some social factors play an important role in affecting investor behavior.

We investigated how social interaction, as a social component, affects investor
investment in this study. By discussing the role of so-called "anchors" in stock markets,
Lohse & Spiller (1998), Hirshleifer and Hong Teoh (2003) emphasized the potential
effect of hubs in stock markets. They're market experts who can help you make better
investment decisions (Chou et al., 2010). Investors frequently rely on such hubs before
making a final decision. When an investor is unsure about which investment to make,
social networks can help them make a better decision. This is the social network's
informative role. Due to a lack of information and other circumstances, this ambiguity
has developed (Hoffmann & Jager, 2005). One of the most important social factors that
influences investment decisions is social interaction. This means having a higher level of
trust in others than you do in yourself, without knowing what is wrong or right. Sias
(2004) defines social interaction as the tendency of investors to follow each other into
and out of the same stocks. This can include both individual and institutional investors
(Wang et al., 2006).

Hadady and Puryandani (2015) looked into social interaction behavior on the
Indonesian stock exchange, using variables from Chang et al., (2000). According to the
findings of the study, no sort of social interaction behavior was observed in the Jakarta
exchange when the research models were examined (Hadady & Puryandani, 2015). Many
components of social interaction and their influence on investment behavior were studied
by Youssef and Rajhi (2009).

Despite the fact that social interaction has an impact on individual investors'
private lives, there is little research on its impact on investment decisions. The impact of
social media on investment decisions has been studied in some studies. For example,
Ismail (2018) investigated the impact of social media on investors, focusing on three
independent variables of social media: social media information, online community
behavior, and image (Ismail et al., 2018). Another study conducted by Al-toom (2021)
looked into the impact of social media on financial market investment decisions.
However, we were unable to locate a study that looked into whether or not there is an
impact of social interaction on investment decisions.

I1. Theory and Hypothesis

The theory of reasoned action (TRA) and the theory of planned behavior (TPB)
are used to explain individual investor behavior in this study. Furthermore, the impact of
social factors such as social interactions and the has been investigated. Their research
revealed that investors with greater knowledge and experience behaved differently than
others, depending more on the information available to them and giving careful
consideration to their unique situations. The less experienced and knowledgeable
investors, on the other hand, were more interested in social contact because they couldn't
afford to make any mistakes. As a result, the research suggests that:
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H1: The social factor social interaction negatively relates to the investment decision

There is a paucity of research on how social interaction affects investment
decisions. The current literature investigates the relationship between the previously
mentioned investment decision-making variable and the previously mentioned investment
decision-making variable (Moueed et al., 2015). This research is unusual in that it
broadens the scope of the search for an investing decision-making model to include social
interactions. Despite the fact that researches have been conducted in Pakistan, there is
still a collective incorporation of several variables. By combining all of these variables in
this study, investors will be able to see how much profit they may obtain from each of
these separate variables while making financial decisions. The objective of the study is to
find the impact of social interaction on investment decisions.

I11. Methods
A. Research Design

The research design of this study is causal in nature. It attempts to establish
cause effect relationships between the variables. The study's authors devised a survey
questionnaire that included demographic information such as respondents' gender, age,
investment experience, education, and income. Investment behavior and behavioral errors
are heavily influenced by demographic factors (Kumar & Goyal, 2015). The study's
primary factors are discussed in the second part. Data was gathered using a Likert scale
questionnaire. Aside from the effects of factors on one another based on individual
investors, demographic characteristics such as gender, age, experience, and education
were also included in the questionnaire to determine the outcomes in support of these
demographics. The responses received via this questionnaire were evaluated, and the
findings were acquired by processing the data using various techniques and procedures.

B. Participants

The Investors whom were the individual investors of the stock exchange in the
Pakistan Stock Exchange were part of the survey conducted. Who experienced the pre
dispositions talked  about in  this consider when  making speculation choices were
the members in this survey. The study used 475 Pakistan Stock Exchange investors as a
sample. To obtain a sample, a targeted sampling technique was applied. The study's
target group was individual investors who traded on the PSX. Because the PSX is made
up of brokerage houses, the purposive sampling technique utilized for sample selection
was appropriate. As a result, it was utilized to collect data. Purposive sampling is used by
researchers when they want to reach a specific subset of people, as all survey participants
are chosen because they fit a specific profile.

C. Data Collection Tool

Tarig's (1991) questionnaire was used as a source of questionnaire items.
Cronbach's Alpha is used to assess the measurement instrument's dependability (internal
consistency of the questionnaire). The Composite reliability is also used to measure
internal consistency. Convergent validity is applied in this study on the latent variables to
extract the average variance. In this work, convergent validity is used to obtain average
variance from latent variables. The difference between the latent variables is further
checked using discriminant validity. We were able to determine the health of the
collected data using descriptive analysis. To derive results concerning the study
hypothesis, structural equation modeling (SEM) methodology is applied. In the social and
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behavioral sciences, survey data frequently contains a large number of variables (p). To
analyze such data, structural equation modeling (SEM) is commonly used. SEM allows
researchers to easily set up and test hypothetical relationships among theoretical
constructs as well as those between the constructs and their observed indicators with a
sufficient number of participants (N).

V. Results

The theoretical model's internal consistency (reliability) is calculated. Internal
consistency of each latent variable was ensured using two criteria (Cronbach's alpha and
composite reliability). Cronbach's alpha is the most important criterion for determining
internal consistency. It determines dependability by looking at the relationships between
variables and assuming that they are all equally reliable. According to the findings,
Cronbach's alpha for all latent variables ranged from 0.574 to 0.911. Since the Cronbach's
alpha is greater than 0.50, all latent variables have good internal consistency, as
recommended by (Fornell & Larcker, 1981). Cronbach's alpha and composite reliability,
which measures the reliability based on the interrelationship of the observed item
variables, are the most commonly used internal consistency measurements. The values in
PLS-SEM are organized according to the individual reliability of their indicators. The
values range from 0 to 1, with a higher number indicating a higher level of reliability.

Composite reliability is the second criterion for determining internal consistency
of all latent variables. Composite reliability (CR) assesses internal consistency of
variables by using outer loading. In CR, construct correctness is specified, whereas in
AVE, the amount of variance allocated to the build rather than the amount due to
measurement error is determined (Ambad et al., 2017). A composite dependability is
derived for each construct and compared to a cut-off value of 0.6 (1988, Bagozzi & Yi).
The composite dependability of the latent variable was found to be between 0.776 and
0.944. As the composite reliability is greater than 0.70, the latent variable has a good
internal consistency, as advised by (Arnold & Reynolds, 2003).

Convergent validity is the process of evaluating the relationship between all
observable variables of a single variable. To determine convergent validity of latent
variables, the average variance extracted (AVE) method is used. All latent variables'
convergent validity was found to range between 0.511 and 0.849. With a cutoff threshold
of.50, AVE was utilized to test convergent validity (Pirson & Malhotra, 2011). All latent
variables have good convergent validity because the AVE is greater than 0.50. (Fornell &
Larcker, 1981). The convergent validity results for each latent variable are shown in
Table 1.

Discriminant validity determines the distinction between all the latent variables.
The AVE values were compared to the square of the correlation between the components
to determine discriminant validity.

Table 1:Results of Cronbach’s Alpha, Composite Reliability and Convergent

Validity
Construct Cronbach’s Alpha  Construct Reliability Convergent Validity
Social Interaction 0.867 0.904 0.653

Investment Decisions 0.574 0.776 0.542
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According to the data, the square roots the correlations between latent variables
are greater than the average extracted variance. The results are shown in Table 2.

Table 2: Discriminant Validity (Fornell-Larcker Criterion)

Construct Social Interaction Inv_Dec
Social Interaction 0.808
Investment Decision -0.442 0.736

*The highlighted diagonal values shows the square root of AVE

A. Descriptive Statistics
Social interaction

Table 3 illustrates 475 respondents' responses to the current study variable,
social contact. It demonstrates how people become victims of social interaction behavior
by imitating others. 142 of the 475 respondents strongly disagree, 178 disagree, 68
respondents agree, 44 strongly agree, and only 43 are neutral on the first item of the
variable social contact. Out of 475 responses, 97 strongly disagree, 172 strongly disagree,
91 agree, 41 strongly agree, and 74 are indifferent on the second topic of social contact.
The third item in this variable had 475 replies, with 149 strongly disapproving, 115
strongly disagreeing, 108 agreeing, 51 strongly agreeing, and 52 neutral. According to the
fourth item, 66 individuals severely disagree, 244 people disagree, 86 people agree, 38
people strongly agree, and 41 people are indifferent. There are 73 people who strongly
disagree, 211 people who strongly disagree, 93 people who agree, 63 people who
strongly agree, and 35 people who are indifferent about the sixth item. The mean values
of all five items of the social interaction variable, which represent respondents’ positive
or negative reactions, are also shown in the table. 2.36, 2.59, 2.57, 2.55, and 2.71 are the
mean values for five social interaction components, respectively. The investors' responses
to all five aspects of social contact are positive, as evidenced by the positive values of the
means.

Table 3: With respect to Social Interaction, Descriptive Statistics &
Freguency Distribution Social Interaction
Item-wise Frequency and Descriptive Statistics (N=475)

Iltems

SD D N A SA Mean Std. Dev.
SOC_INT_1 142 178 43 68 44 2.36 1.293
SOC_INT__ 2 97 172 74 91 41 2.59 1.247
SOC_INT__3 149 115 52 108 51 2.57 1.405
SOC_INT__4 66 244 41 86 38 2.55 1171
SOC_INT__5 73 211 35 93 63 2.71 1.306

Note: SD is strongly disagree, D is disagree, N is neutral, A is agree and SA is strongly agree

Investment Decision

In the Table it can be seen as 475 respondents' responses to five items from the
present study's Investment Decision variable. When it comes to making financial
decisions, investors have a wide range of reactions. 55 individuals severely disagree, 155
disagree, 133 people agree, 46 people extremely agree, and 86 people are neutral about
the first variable, Investment Decision. On the second investigation item, out of 475
people polled, 71 strongly disagree, 96 strongly disagree, 206 agree, 58 strongly agree,
and 44 are undecided. There were 475 responses to the third problem for Investment
Decision, with 72 strongly disagreeing, 104 strongly disagreeing, 171 agreeing, 54
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strongly agreeing, and 74 neutral responses. Out of 475 responses, 48 strongly disagreed,
81 strongly disagreed, 150 agreed, 67 strongly agreed, and only 129 were neutral on the
fourth question for Investment Decision. On the fifth item of Investment Decision, there
were 475 responses, with 43 strongly disagreeing, 76 strongly agreeing, 176 agreeing, 54
strongly agreeing, and 126 indifferent. The above table also shows the mean values of all
five items of the Investment Decision variable, which represent the respondents' positive
or negative responses. The five investment choice elements have mean values of 2.92,
3.18, 3.07, 3.23, and 3.26. The mean values of Investment Decision are all positive,
indicating that investors are responding positively.

Table 4: With respect to Investment Decisions, Descriptive Statistics and Frequency

Distribution
ltems Iltem-wise Freq & Descriptive Statistics (N=475)
SD D N A SA Mean Std. Dev.
Invest Dec 1 55 155 86 133 46 2.92 1.205
Invest Dec 2 71 96 44 206 58 3.18 1.302
Invest Dec 3 72 104 74 171 54 3.07 1.280
Invest Dec 4 48 81 129 150 67 3.23 1.186
Invest Dec 5 43 76 126 176 54 3.26 1.133

Note: SD is strongly disagreeing, D is disagreeing, N is neutral, A is agreeing and SA is strongly agreed
B. Correlation Analysis

In Table 5, you'll see the correlation matrix. As the correlation matrix shows,
social interaction has a moderate relationship with investment decisions.

Table 5: Correlation Analysis

Variable Social interaction Investment Decision
Social Interaction 1
Investment Decision .395 1

Social interaction is the research's exogenous and latent variable, labeled as
"SOCIAL INTERACTION." Sherif (1966) defined social interaction as the behavior of
individuals or organizations that mindlessly follow the majority's decisions and
knowledge rather than depending on their own set of information or rational reasoning.
Five items are used to assess social interaction. These five items were used to examine
social interaction. SOCIAL INTERACTION is a five-item mean score that describes
social interaction.

In this study, the endogenous variable (dependent variable) was Investment
Decision. “INV DEC” is the study's dependent variable. It is a decision or expenditure
made now in order to receive benefits in the future, according to (Avram et al., 2009).
Five factors were used to evaluate investment decisions. Because the outer loading of two
items was less than 0.5, they were omitted. As a result, three factors were considered in
the investment decision. These three factors were considered when making an investment
decision. The investment decision is indicated as “INV DEC” and is based on a mean
score of three items.

C. Path Coefficient of Structural Model
The research hypothesis that was tested using the structural model is listed
below.
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Hi: The social factor social interaction negatively relates to the investment decision

Social interaction, according to the second theory, it is having a negative impact
on the investing decisions. The hypothesis is rejected because the P Value is 0.446 times
bigger than p > 0.05, indicating that it does not meet the hypothesis acceptance condition.

Table 6: Structural Model Testing

Structural Path Estimate T Score P
Social Interaction -> Investment Decisions  0.008 0.135 0.446
Note: ** Represents significant at 1percent, whereas * represents significant at 5 percent

V. Discussion and Conclusions

The findings reveal that there is no evidence of social interaction in any market
circumstance in the Pakistan stock market during a decade of market cycles, owing
primarily to institutional investors' dominance and, secondarily, to individual investors'
minimal market participation. The study disproved the hypothesis that social interaction
has a negative impact on investment decisions. As a result, it can be argued that in the
setting of Pakistani society, social interaction has a beneficial impact on investment
decisions. If the initial hypothesis is not supported, you can go back to the drawing board
and hypothesize a new answer to the question and a new way to test it. When deciding on
an investment scenario, Pakistanis consult their peers and strive to imitate others, mainly
friends, relatives, or acquaintances. Social interaction, according to Sherif (1966), is the
behavior of individual or institutional investors who, rather than depending on their own
knowledge or rational thinking, follow the actions and information of the majority of
those who have invested. To put it another way, this occurs when someone focuses more
on others than on themselves, rather than addressing the reality of what is wrong and
what is right. In an investment situation, social interaction is characterized as an
investor's tendency to follow each other into and out of the same equities, according to
Sias (2004). This study is conducted in Pakistan, with investors from the Pakistan Stock
Exchange as the focus, based on previous research. These biases affect investors in this
market as well, but with notable variances. Males are more affected than females by
anger, fear, social contact, and stress, to name a few. On the other hand, some factors,
such as mood and social engagement, have a greater impact on females than on males
(Chaudhary, 2018).

Social interaction, according to the current study's model, has a negative impact
on investor decision-making. Depending on the prior study technique and conclusions,
the additional consequences are either positive or negative. This study advises that the
repercussions of prejudices that investors frequently fall prey to without even recognizing
it be given more attention. These misunderstandings can have far-reaching consequences,
including major financial disasters. Both positive and negative outcomes can be found in
psychological and social biases, but the negative aspects can be investigated further to
ensure positive outcomes.

Individual investor trading that is sufficiently correlated can have an impact on
asset prices. Individuals tend to increase their equity holdings when their coworkers make
higher returns, so the outcome-based social interaction effect could act as such a channel.
The ability to adapt and adjust to changing market conditions through effective investing
methods is critical to an investor's success. Stock exchanges hold educational programs
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on a regular basis to improve investors' financial literacy and awareness in order to help
them achieve better investing results. According to the findings, this learning program
should be tailored to each student's unique experiences in order to motivate them to
study. As a result, they'll be able to learn from previous trading experiences more rapidly,
reducing their sensitivity to behavioral biases while trading stocks.
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